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Research on key methods of roadside parking based on deep learning
YAO Li, MA Rui, ZHOU Tonghui, WAN Yan
(Computer Science and Technology Department, Donghua University, Shanghai 201600, China)

[ Abstract] This paper studies the problem of license plate recognition based on video in roadside parking management and
proposes a dynamic license plate recognition algorithm. In the video scene, the best result is selected based on the scoring
mechanism, and the license plate recognition rate is improved by making full use of the characteristics of video, which effectively
solves the problem of license plate occlusion leading to unrecognition. For the recognition of single frame license plate, the scene text
recognition algorithm EAST is used to locate the license plate, and then the projection transformation is used to correct the license
plate, so as to improve the recognition rate in the tilt state. Experimental results show that this method can improve the recognition

rate of skewed license plate to a certain extent.
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Fig. 1 The target detection algorithm locates the license plate with
large tilt Angle
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Fig. 2 RBOX output and QUAD output contrast
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Fig. 3 Accurate positioning and correction effect of slanting plate
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Tab. 1 Comparison results of whether to add corrective
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Fig. 4 The generated license plate image
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Tab. 2 License plate recognition test results
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