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Data parallel clustering algorithm based on multi—-group co-evolution algorithm
SUN Liu
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(Huali College Guangdong University of Technology, Guangzhou 511325, China)

[ Abstract] In order to improve the data mining ability of multi —dimensional resources in cloud storage space, data parallel
clustering processing is needed, and a data parallel clustering algorithm based on multi—group co—evolution algorithm is proposed.
Construct a parameter collection model of cloud storage space multi —dimensional resource data, perform fuzzy parallel feature
distributed reorganization of the collected cloud storage space multi—dimensional resource data, extract cloud storage space multi—
dimensional resource data clustering feature parameter set, and use the associated rough set feature analysis method Multi-scale
wavelet structure decomposition of cloud storage space multi—dimensional resource data, combined with multiple group collaborative
control methods, establishes a parallel clustering model of cloud storage space multi—dimensional resource data, and grouping cloud
storage space multi —dimensional resource data through associated collaborative filtering detection methods Feature detection and
fusion clustering processing, according to the differential evolution method to optimize the clustering center of cloud storage space
multi — dimensional resource data, traverse the candidate target set of the cloud storage space multi —dimensional resource data
clustering area, and realize the cloud storage space multi—dimensional resource data Parallel association rule clustering and reliability
mining. The simulation results show that this method has higher precision, better clustering and stronger convergence for multi—
dimensional resource data mining in cloud storage space.
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Fig. 1  Cloud storage space multi — dimensional resource data

storage structure model
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Fig. 2 Distribution of statistical characteristics of multi —
dimensional resource data in cloud storage space
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Fig. 3 Data parallel clustering predicted value
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Fig. 4 Data clustering convergence curve
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Fig. 5 Recognition rate of data parallel clustering
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