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[ Abstract] In order to improve the recognition ability of dynamic gestures under continuous frame transformation, a dynamic
gesture recognition method based on fusion of visual invariant moment parameters is proposed. Image processing and visual fusion
analysis technology are used to collect dynamic gesture features and preprocess information. By matching filter detection method,
dynamic gesture image enhancement and filter detection are realized, interference components are removed, and spatial resolution of
the image is improved. According to image information fusion distribution detection, a dynamic gesture feature analysis model is
established. High—resolution feature transformation and ambiguity detection methods are adopted to detect and analyze dynamic
gesture feature parameters, and fuzzy feature components of dynamic gesture images are extracted. Spatial rotation transformation
method is adopted to realize moment —invariant feature detection of dynamic gestures, and visual moment—invariant parameter
characterization method is combined to realize parameter detection and recognition of dynamic gestures. Simulation results show that
this method has high precision and good recognition performance in dynamic gesture recognition, and has strong ability to mark
dynamic gesture feature points.

[ Key words] visual invariant moment; parameter characterization; dynamic gesture recognition; image processing; continuous
frame transformation
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Fig. 1 Random background sub - block distribution and

background dictionary set of dynamic gesture image
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Fig. 2 Dynamic gesture image acquisition and visual update model
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