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[ Abstract] Yunjin is the highest achievement of my country’s silk weaving craftsmanship. It is a precious historical and cultural
heritage of the China and the world. It contains rich historical,, cultural and socio—economic values, and enjoys the reputation of the
crown of the silk. In order to analyze the differences in the Yunjin images of different materials, use computer technology to
distinguish the Yunjin of different materials, and complete the automatic recognition of the Yunjin images, multiple different
samples of Yunjin and its images are collected. Later denoise on the Yunjin image is conducted, and the labels is set according to the
category of the Yunjin. The different interest area of Yunjin images is obtained, and the Gabor filter group with 5 scales and 8
directions is used to filter the interest area to extract the Gabor texture feature. Then, the features are sampled and the sampled
features are analyzed. Finally, Bayesian, KNN and other machine learning classifiers is used to classify and analyze the sampling
features to complete the classification of 12 kinds of Yunjin images. The results show that the KNN classifier can be used to classify
the Yunjin features, and the classification accuracy of the 12 categories of Yunjin images is 56.31%. It shows that different types of
Yunjin images can be distinguished by texture, and it is feasible for the computer to automatically recognize intangible cultural
heritage images with complicated processes.

[ Key words] image recognition; texture analysis; digital humanities; Nanjing Yunjin
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Tab. 1 Classification of Yunjin based on varieties, patterns and organizational structure
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Fig. 1 Different types of Yunjin images
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Fig. 2 The overall framework of the model structure
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