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Approximate nearest neighbor search algorithm based on early termination
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(School of Computer Science and Technology , Donghua University, Shanghai 201620, China)

[ Abstract] Approximate nearest neighbor search is an important issue in the fields of database and image retrieval. At present, the
graph—based approximate nearest neighbor search algorithm has attracted much attention because of its fast search speed and high
search accuracy. The type of algorithm is committed to constructing high—quality indexes, but often ignores the method of the search
phase. Aiming at the search phase of the graph—based search algorithm, this paper combines the adaptive early termination search
and L&C algorithm to improve the search phase and verify it. Experimental results show that the improved algorithm can reduce the
average search time by up to 76% compared with the L&C algorithm.
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