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Research on text classification based on LDA maximum probability
filling and BiLSTM model
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[ Abstract] Text classification is a basic task in the field of natural language processing ( NLP). Bi—directional long and short—term
memory network ( BILSTM) has the advantages of forgetting the information in the cell state and memorizing new information and
the ability to rely on the context. In order to further enhance the feature expression of the text, this paper proposes a maximum
probability filling model based on LDA. First, Word2Vec word embedding method is used to generate text vector. Secondly, the text
vector matrix is filled according to LDA model to enrich semantic information. The BiLSTM_Attention model is used to train the
filled vector matrix, and finally softmax is used for classification. Experimental results show that the classification accuracy of the
proposed method in the IMDB movie review analysis dataset is 98.43% , which is 1.63% higher than the one—way RNN model and
0.83% higher than the two—way BiLSTM_Attention model.
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Tab. 3 The meaning of evaluation index function
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