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Research on the cluster analysis of college students” interests and hobbies
based on big data

HE Qi, DONG Yanhua, SONG Jiayi, WANG Yu
(College of Computer, Jilin Normal University, Siping Jilin 136000, China)

[ Abstract] The direct or indirect interactive data of college students on the social platform reflects their own behavior
characteristics and has important analytical value. The use of big data technology to collect, analyze and process the interactive data
of college students” social platform reveals the law of college students” interests and hobbies behind the data, and it is particularly
important to accurately describe college students” behaviors. In this paper, with the help of the advantage of big data, combining with
the characteristics of college students” social network data, through the virtual coding, the mean filling method and standardization of
Z-score data pretreatment technology, such as using k—means clustering algorithm, with similar qualities and interests of college
students has carried on the classification, analysis the characteristic of different types of college students, for college students” group
classification, public opinion analysis, corporate advertising, production, marketing to provide data and theoretical support.
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Fig. 1 Flow chart of k—means algorithm
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Fig. 2 Clustering number
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Tab. 1 Classification table of clustering results
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