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Analysis of skiing action based on OpenPose
XU Zhihao, GAO Ming, YIN Shaoxuan, CUI Jie
(Computer School, Beijing Information Science and Technology University, Beijing 100101, China)

[ Abstract] For filling the blank of action classification systems on skiing, also providing the basis for the futural research, the
paper builds up a skiing action classifier framework associated with OpenPose and STGCN ( Spatial-Temporal Graph Convolutional
Networks ) . Extracting the keypoint information on the human body, the OpenPose renders continuous multiple keypoint information
from each frame into a set. Furthermore, the STGCN is used in training models, extracting traits, constructing the classifier.
Applying the well-built classifier can categorize the skiing action from the real-time or the prerecorded video input.
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Fig. 1 Work flow chart of skiing action classification framework
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Fig. 2 OpenPose algorithm flow chart
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Fig. 3 STGCN algorithm flow chart!®!
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Fig. 4 Skeleton spatial- temporal diagram
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Tab. 1 Model training evaluation

epoch mean_loss Topl/% TopS/%
24 1.613 997 70 40.91 77.27
34 1.555 755 00 50.00 86.36
39 1.555 910 83 50.00 90.91
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Fig. 6 Model test effect diagram
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