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Complex parking lot routine planning based on improved A" algorithm
XING Mengyang'*, DU Jiahao', WU Jinggi’, SHU Lei’*, GUO Zhongyang'*

(1 School of Mechanical and Automotive Engineering, Shanghai University of Engineering Science, Shanghai 201620, China;
2 Jiangsu Chaoli Electric Manufacture Co., Ltd., Zhenjiang Jiangsu 212321, China)

[ Abstract] Regarding to the difficulty of parking and searching in complex parking lot environment, this paper proposes a complex
parking lot routine planning method based on improved A" algorithm. By uniformly quantifying the cost between nodes and
correcting the corners in the routine, unnecessary turning is avoided, the planned path is optimized and the efficiency is improved.
Furtherly, based on the simulation studies, according to the actual parking environment scene, the environment map is established
for simulation; under the same conditions, the traditional A" algorithm, improved A" algorithm, Dijkstra algorithm and BFS
algorithm are simulated and tested, and the routine planning time, turning times and the advantages and disadvantages of the planned
routine of the four algorithms are evaluated. Simulation results show that the improved A" algorithm has obvious advantages.
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Fig. 1 Flow chart of A™ algorithm
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Fig. 4 Improved A”* algorithm
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Fig. 2 Corner optimization schematic diagram
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