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[ Abstract] In order to synthesize a more realistic expression image, a method introducing self—attention mechanism and spectral
normalization into generative adversarial network (GAN) is proposed. By introducing two layers of self—attention modules in the
generator of a GAN, the generator can locally establish a rich contextual relationship and output more realistic expression details; at
the same time, spectral normalization is introduced in the discriminator of the GAN to make the training of the discriminator more
stable. Experimental results show that the proposed method outperforms other typical algorithms with respected to objective vision
and Frechet Inception Distance score image evaluation indicators, and the image quality and expression details are significantly
improved.
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Fig. 1 The framework of self—attention mechanism
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Fig. 2 The framework of the proposed method
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Fig. 3 Original images and composite images generated by different methods
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Fig. 4 Details of the original images of the target expression and

the images generated by StarGAN and the proposed method
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