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Research on the game strategy in the endgame mode of two-on-one game
GUO Rongcheng, LI Shugin, GONG Yuanhan, HUANG Shaohua, HENG Xin
(Computer School, Beijing Information Science and Technology University, Beijing 100101, China)

[ Abstract] As an important field in the subject of artificial intelligence, machine game is an important platform for testing the
development level of artificial intelligence. In the field of machine games, the Doudizhu game has a typical representative. This
paper studies the endgame strategy in Doudizhu game, and realizes the endgame intelligent Al based on the Alpha-Beta pruning
algorithm. A large number of two—person Mingpai Fighting Doudizhu endgame tests are carried out in the WeChat platform small
program " Happy Fighting Landlords" , and are all succeeded. The experiment shows that the landlord endgame strategy implemented

in this article is feasible.
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