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Clustering analysis model simulation for food safety events
based on information entropy
GU Pingping
( Computer Science Department, Tan Kah Kee College, Zhangzhou Fujian 363105, China)

[ Abstract] Food safety is an increasingly concerned issue of people’s livelihood. At present, the national government is gradually
improving the regulatory system and increasing regulatory efforts, and building the pattern of joint governance. In view of the food
safety events that have been exposed, a unified and standardized data storage is established after screening and cleaning, and the
improved clustering algorithm based on information entropy is used to analyze and study them, so as to find the rules in these events
and the typical safety problems which can provide a reference for the government to make management decisions and improve the
public awareness of prevention. In the experiment, the improved fuzzy K-Modes clustering algorithm is run on the UCI data set to

test the effectiveness of the algorithm. The results show that the improved algorithm further improves the clustering quality.
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Tab. 3 Index table for clustering effectiveness of Soybean data set

Validation Huang’s K-Modes  Huang’s K-Modes ~ Proposed
Measure with Random with Xing’ s Method ~ method
AC 0.854 3 1.000 0 1.000 0
PC 0.889 0 1.000 0 1.000 0
RE 0.827 7 1.000 0 1.000 0
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Tab. 4 Index table for clustering effectiveness of Zoo data set

Validation Huang’s K-Modes  Huang’s K-Modes  Proposed
Measure with Random with Xing’ s Method ~ method
AC 0.840 3 0.920 8 0.940 6
PC 0.824 1 0.881 9 0.910 4
RE 0.633 2 0.785 7 0.842 9
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Tab. 5 Index table for clustering effectiveness of Vote data set

Validation Huang’s K-Modes  Huang’s K-Modes  Proposed
Measure with Random with Xing’ s Method  method
AC 0.836 2 0.839 7 0.857 6
PC 0.822 6 0.862 4 0.961 3
RE 0.7317 0.794 1 0.802 5
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Fig. 1 Comparison chart of average value of cluster validity index
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Tab. 6 Clustering center of food safety data set
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