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High-resolution palmprint image recognition
based on VGG16 and transfer learning
WU Biqiao, XING Yongxin, WANG Tianyi
(College of Big Data and Information Engineering, GuiZhou University, Guiyang 550025, China)

[ Abstract] Due to the large size of high-resolution palmprint images and the small number of palmprint images, the current
mainstream method adopts detail feature point matching, which has complicated algorithm design and low recognition accuracy. To
solve the above problems, a high resolution palmprint image recognition method based on transfer learning is proposed in this paper.
This method takes VGG16 as the base network and initializes all convolutional layers with weight parameters trained on ImageNet
data set. The high resolution palmprint images are divided into 4, 9, 16 and 25 equal parts by image enhancement technology, and
the accuracy of the whole palmprint image is obtained by voting method, which can reach up to 99.69%. Experimental results show
that this method can realize end—to—end high precision and high resolution palmprint image recognition, and the recognition rate is
better than the previous method based on detail feature point matching.
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Fig. 1 Network structure of VGG16
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Fig. 2 High resolution palmprint image
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Fig. 4 Palmprint image blocks
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Tab. 1 Data of data enhancement
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Fig. 6 The accuracy of different palmprint image blocks
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Tab. 2 Test results of with different cropped copies
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Tab. 3 Comparison of recognition rates of different algorithms
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