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Electrical fire neural network model design
HUANG Wenhua, CHEN Qian, JIA Mingjun
(School of Big Data and Information Engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] In last year, the cause of all fires, electrical causes accounted for up to 30%, the economic losses caused is
incalculable, how to reduce the frequency of electrical fires has been a difficult problem. In this paper, the neural network model is
used to determine and classify the fire, which can effectively determine whether there are faults in the electrical circuit and classify
the faults in the electrical circuit with hidden dangers. The network model in this paper can reduce the frequency of electrical fire to
a certain extent.
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Fig. 1 Artificial neural network model
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Fig. 2 Standardized residual histogram
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Fig. 3 Residual current diagram
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Fig. 4 Electrical fire neural network
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Fig. 5 One-day eigenvalue curve
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Fig. 6 Eigenvalue comparison curve
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Fig. 7 Normalized graph of eigenvalues
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