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Research on vehicle anti—collision based on deep learning
YANG Zihui, JIANG Lei, REN Hongjuan, YAN Yecui
(School of Mechanical and Automotive Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] In the current environment of vigorously developing intelligent transportation systems, vehicle collision prediction
research has received more and more attention. Car rear—end collision has become one of the main causes of traffic accidents. This
paper proposes a vehicle back—end collision avoidance warning system based on deep learning. First, data preprocessing is performed

on the data set, and genetic theory is combined in this process to solve the class imbalance problem; then a convolutional neural
network is established, the resulting data is divided into a training set and a test set, which are input to the neural network for the

training. The experimental results show that the model based on neural network has good early warning performance.
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