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Research on Road Condition Classification Method

Based on SmoteEnn_XG Boost Model Consumption
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[ Abstract] Aiming at the problem of data imbalance in the data set due to the small amount of abnormal road conditions, resulting
in low accuracy of the road condition prediction model and low operating efficiency, a road condition sensing method based on
SmoothEnn_XGBoost is proposed. Designed and developed a road condition data collection system to capture and process real-time
road condition data; use the SmoothEnn algorithm to perform data synthesis processing on the data set; use the XGBoost algorithm
to train and test the extracted main features to identify normal road conditions and abnormal road conditions. The results show that
the road condition perception method based on SmoothEnn_XGBoost, compared with the more commonly used classification models
SVM, logistic regression, GBDT, random forest, etc., can greatly reduce the calculation time of the algorithm while improving the
effect of road condition classification.
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Fig. 1 RoadDataCollection Measurement interface
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Fig. 2 The collected triaxle acceleration and velocity curves
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Tab. 2 Comparison of evaluation value of different models on road
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