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Image registration algorithm based on improved SRS-RANSAC

CHEN Yong, DANG Shuwen, LING Chenfei, ZHANG Chengyi
(School of Air Transportation and Flying, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] An image registration algorithm is raised based on improved Stratified Random Selection consistency ( Stratified
Random Selection Random Sample Consensus, SRS—-RANSA) over the problems of long registration time and low registration
accuracy in current image registration algorithm. Firstly, the feature points of the reference image are extracted preliminarily
according to oriented fast and rotated (ORB) algorithm. Secondly, according to the minimum distance method, the number of
mismatches in the matching is preliminarily filtered. Finally, the theory of SRS theory is introduced, so that the feature points are
extracted more evenly based on RANSAC algorithm, meanwhile the mismatched feature points in the initial matching are filtered
out, so as to improve the registration accuracy and shorten the running time. Compared with other algorithms in Oxford Standard
Library and real images, the results indicated that algorithm in this article improves the matching correctness and efficiency.
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Fig. 1 Adaptive partition flow chart
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Tab. 1 Comparison of test results of different algorithms
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SRS+RANSAC 651 90.36 0.632
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