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Sentiment analysis of pharmaceutical commodity reviews based on Python
GUO Xiaolei
(School of Health Service and Management, Shanxi University of Traditional Chinese Medicine, Taiyuan 030619, China)

[ Abstract] In this paper, Python is used to obtain the review text of a medical product on JD.com, LDA model training and
emotion score calculation are carried out by using positive and negative prediction library, and the processed data are visualize by

using Matplotlib method and Wordcloud. This method can effectively and accurately obtain jd product reviews and analyze the
emotional tendency of users who review them, which is of positive help to improve work efficiency and data analysis effectiveness.
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Fig. 3 Sentiment analysis probability graph
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Tab. 1 Results of sentiment Analysis ( part)
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Fig. 4 Sentiment analysis visualization results
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