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License plate recognition algorithm without character segmentation
based on convolutional neural network
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[ Abstract] With the construction of intelligent parking lot and urban traffic and the popularization of automatic toll collection
system, intelligent traffic management system puts forward higher requirements for speed and accuracy in license plate recognition.
In order to improve the generalization ability of license plate recognition, this paper proposes a character segmentation free license
plate character recognition algorithm based on improved CRNN+ CTC. Based on the existing CRNN+ CTC network model, CNN
and RNN are replaced respectively, CTC function is introduced, and the training data set is added. Finally, batch normalization
algorithm is used in the training process to speed up the learning speed. The experimental results show that the algorithm has higher

accuracy in license plate recognition under complex environment, and its robustness and generality are improved.
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Fig. 1 Depth wise separable convolution block
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Fig. 2 Extract feature vector
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Tab. 1 Experimental comparison results

GAN_LP Reldvl CCPDvl
Method
RA% CRA% T/ ms RA% CRA% T/ ms RA% CRA% T/ ms
Traditional 84.1 71.3 25 85.5 75.8 32 83.5 74.2 31
LPR~-Net 94.3 92.7 63 88.5 86.2 46 87.4 86.7 72
CRNN+CTC 96.9 96.1 46 96.6 97.0 44 97.1 96.4 48
Ours 96.7 97.1 29 97.8 98.4 36 96.9 97.2 32
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