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Research on bill recognition algorithm based on OCR

WANG Xing, ZHENG Yongfeng, YAN Yongbing, LIU Yanjuan, ZHANG Mengyi
(Beijing China—Power Information Technology Co., LTD., Beijing 102200, China)

[ Abstract] In order to achieve good recognition effect, the existing methods need special equipment scanning or a large number of
bill labels. In order to solve the above problems, a bill recognition algorithm based on OCR technology is proposed. The algorithm
consists of OCR recognition and N version program strategy. In the stage of OCR recognition, OCR is used to recognize the bill
text, and the unstructured data after recognition is transformed into structured data. In the program design strategy of N version, two
algorithms are proposed: the former to match the main keywords and the latter extrapolates the other fields by selecting a baseline
and calculating the character size. Train tickets and invoices are selected as experimental data, and extensive experimental results

prove that the algorithm has good results in ticket recognition under natural scenes.
[ Key words] bill recognition; OCR recognition; N version program design strategy
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Fig. 1 Overall network architecture diagram
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Fig. 3 N version program design algorithm strategy
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Fig. 4 Image coordinate system establishment diagram
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Tab. 1 The accuracy rate of each field of the train ticket
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Fig. 5 Train ticket qualitative experiment results

3.2 REHFER
ASCWAER 31 sk RSOk A AR =TT L
FaRE, T E MRS m AT A T R SR A

BTN,
3.2.1  SEEGEEREME T
ARSCHERLT 3 9k Ak AT e A, FLA3 ) 2



511 T4, S5, FET OCR HA M SRR LI 9T 105

FEBE HACSE A B A S A ERE @ A, SR AU SO IAE 1 IR 1 5 2 =31
T RS K LR AIRAMNE 6 Fron, EpE—17 KR ARES R (B T ENTE [ 2 i 0 B L, 56
PRE—MMREAS, S — SR IR R R 22 A AU R 25t e s

(a) REEELEIR I Fr

(b) AP A A AL B9 )56 P

(o) AL i A AR 2 A8 AL B

(d) P 25 F P RS ol

El6 XAEEMXRBER

Fig. 6 Qualitative experimental results of invoices
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Tab. 2 Invoice field accuracy rate
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