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[ Abstract] In the construction scene, correct and effective detection of workers wearing safety helmets is an important part of site
safety. It is time—consuming and labor—intensive to monitor the wearing of a hard hat based on manual detection, and the supervision
efficiency is not high. In order to reduce the construction problems caused by the absence of helmets, this article uses YoloV3 in the
target detection algorithm for helmet detection, which uses the scene photos at the gate as the data set and Labellmg to label the
photos and determines the number of detection frames and location during model training. The experimental mAP value can reach
98% and the detection rate is 20fps. On the basis of meeting the accuracy rate, a certain real-time performance is guaranteed.
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