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[ Abstract] The persistent construction of China’s judicial informatization has led to the rapid increase of legal text data represented

research results in this field, this paper compares the main research directions and representative achievements of domestic and
and analyzes and outlooks the future development trend of this field.

by various case files, judgment documents, laws and regulations, and judicial interpretations. The research of legal text processing
foreign scholars from three aspects, including legal text representation, legal text classification, legal text mining and applications,
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based on deep learning has become a hot issue in the intersection of law and artificial intelligence. In order to follow up the latest
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Fig. 1 An example of legal text ( judgment document)
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