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[ Abstract] Traffic monitoring is an important part of intelligent transportation, and multi—camera scheduling is an indispensable part
of traffic monitoring, which is also a research focus. To better dispatch traffic monitoring, a new multi—camera scheduling method
based on the belief rule base (BRB) is proposed in this paper. In the proposed method, the basic process of camera scheduling is
described. Secondly, the model of camera scheduling based on BRB is established to select the best camera to shoot the target vehicle.
The model is inferred by the evidential reasoning ( ER) algorithm, and the parameters are optimized by the projection covariance
matrix adaption evolution strategy (P-CMA-ES) algorithm. Finally, the effectiveness of the method is verified by a case study.
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Fig. 1 BRB parameter optimization process
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Tab. 1 Distance reference point and reference value
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7 1 N (0.2,0.6,0.2,0)
8 1 N M (0.1,0.5,0.4,0)
9 1 N (0,0.3,0.4,0.3)
10 1 N VB (0,0,0,1)
11 1 M E (0.6,0.3,0.1,0)
12 1 M (0.4,0.4,0.2,0)
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Fig. 2 Comparison of fitting effect
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