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Online learning resource recommendation algorithm based on tag
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[ Abstract] Online learning is an important way to acquire knowledge. However, the overload of information makes it very difficult
to find satisfactory learning resources from a large number of resources of online learning platform. This paper proposes a tag based
recommendation algorithm, which combines content—based recommendation and collaborative filtering recommendation. TF-IDF is
used to balance the weight of hot tags. The modified cosine function similarity is used to calculate the similarity between users and
resources. Combined with the subject knowledge map, the recommendation results can be expanded on the basis of similarity to meet
the characteristics of advanced learning. Experimental results show that the proposed algorithm is superior to the traditional
collaborative filtering recommendation algorithm in accuracy and recommendation efficiency, which provides a strong reference for
solving similar problems.
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Fig. 1 Recommendation system model based on tags
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Fig. 2 Examples of knowledge graphs in the computer domain
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Tab. 1 Data parameters of different recommended list lengths

BT AR R B A Sk b I P A B vk
TopN

precision recall precision recall
10 0.119 3 0.392 5 0.109 1 0.280 3
20 0.142 5 0.413 7 0.127 6 0.305 7
30 0.159 7 0.484 9 0.138 7 0.351 4
40 0.162 3 0.602 1 0.149 1 0.440 3
50 0.179 3 0.664 5 0.156 2 0.485 8
60 0.187 4 0.756 3 0.160 7 0.611 2
70 0.193 8 0.816 5 0.163 1 0.709 3
80 0.198 5 0.857 3 0.161 3 0.743 2

0.25 —

—&— TBHRA --49-- CFRA

0.20

= 0.15

l;):; 0.10 |~

0.05 |—

10 20 30 40 50 60 70 80
TopN

B3 #HEFEEE precision ELER

Fig. 3 Comparison of precision of recommended algorithms
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