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Unsupervised bilingual dictionary induction based on mixed corpus
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[ Abstract] Bilingual dictionary induction as the basis of machine translation is an important task in the field of natural language
processing. Unsupervised bilingual dictionary induction (UBDI) has gradually become a research hotspot because they don’ t require
any supervision information. UBDI relies on the isomorphism between word embedding in different languages, but there are currently
few methods to improve the isomorphism of word embedding. This paper proposes an isomorphism enhancement method based on
mixed corpus to improve the isomorphism between word embedding in different languages, and then improve the performance of
UBDI. The performance of proposed method in the induction of dictionaries on English—Chinese Wikipedia has been significantly

improved.
[ Key words] bilingual dictionary induction; mixed corpus; isomorphism enhancement

G iU I R AT S A RIS I 2R3 )
f AR B 2 5 HEAT R AR SR RV T M T
TERRSYR T L (TR -PY LSRR ) B PERE S A &

0 31
K 1) WA R A B R AR R 25 ep o SUAHTRD

(Y ERTE] ARSIl B 0 BE A XU ) it g 10
FBES ARES EIE S, EBIESIES T,
XA AR g M g B T = R AR A — R = B
AT BIMBIN B L EIR T b, B a4 ik
PUI B 5 1R B & DL S 18 5 SO o S A AR
iz BT TR S 5522 .

X ) S 7 A B 2 RS o o o 9 P A T 0
B, %140 Mikolov Fl Xing 45 N TAE#R A T LA
Ry im] B A W Oy X2 > 5 0 5 1) 1) £, 2R T
FBOSUR TR  pl T B R I AT TR R HE LA
ARIBL, AN ZATAT i B 2 10 T i B O k8 40
WS Barone %5 A B YRR R FH A BN 9T
YNGR b4 0 W B2 3 ; zhang 55 A\ TE L&A 2
FHAE BTN T 2 PR ; Artetxe 48 AR TC
WB R IR AN E A A 2 ) AT T I 5 R 5 el ]

FoRFE S EBUA HL; Lample 28 K22 B

JHEAM LN AR EINERS TAREEH
i R R AL B . Segaard 55 BRI 5E 3 ] 1Al
i) g 22 [ )[R AG) PE 32 3] 22 b TR R B2 L, AN ()i
Y R RR SR AS R (17 T A BRI AR SO
T TRIAL PR 55 14 05 32, AR T JC B T iR A XL
TR L B PERE , 107 1 1 oM T SR L B
SBOOUTE V) L KR OU 1] L e HL & I FATR TR, %
A TR AT ISR, ST AN R TA 5 A 1) 5 A9 R R 4
PEMHR T RCGE TR HAERE 7E4ESE f R R S 3C-rh
SO b AR SCHR B DT A A WL AR T

1 ETRSERNITEEINERAHEEREE

ATCHE Artetxe 55 AR H Y T W5 B B0 1] S 4k
PUARAY (veemap ) (I FEAE I $2H T — PN IETIRA1E
RHAY T W B WU 1) B AR A AR Y R A
1R,

EEEST: W A(1997-) 2, BEEFSEAE , EEOTSETr i ALAS BR8] R B s R R (1976-) L 55 ML Rl

BERFFCTT 0] A ARIR F AL HLER B B TR E R R Y 4R

Wi A HEA: 2021-06-08

PV L ENREERN o714 4| L5 & A




55 8 W] AL, A BE TR G TERLAY 0 M UG ) St 165
Xy
WEa (HiREE ol |o
AL | R I
of |o
HI
Bs i
% % il
e o
it Yy 7
[ ]
H
] :
L]
L |

1 ETFREIEPT LS WIE 7 S B 2L E

Fig. 1 Unsupervised bilingual dictionary induction based on mixed corpus
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Tab. 1 Example of replacing and merging corpus
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Fig. 2 Example of predicting center word from Mixed Corpus
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Tab. 2 Example of separating mixed word embedding
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math 1.332 2.265 0.638 2.747
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Tab. 3 Dictionary induction accuracy based on mixed corpus

ik S8 HaR it
FELR A - 96.33 46.44
CSLS dict=500 96.33 49.41
dict=1 000 96.33 50.45

dict=2 000 96.33 50.52

dict=4 000 96.33 51.14

dict=6 000 96.33 44.91

frequency dict=500 96.33 48.37
dict=1 000 96.33 48.85

dict=2 000 96.33 51.97
dict=4 000 96.33 44.7

dict=6 000 96.33 43.18
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Tab. 4 Isomorphism results of word embedding
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HE Ik
CSLS frequency
ESV(10K) 127.37 104.63 121.41
EVS(20K) 218.60 185.30 170.53
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